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WHO AM I

̶ Michaël de Clercq

̶ Ghent University, Belgium

̶ Faculty of Bio-Science Engineering

̶ Department of Agricultural Economics

̶ PhD student and teaching assistant 

̶ Research on digital economics

̶ More specifically, broadband infrastructure and its regional economic 

implications

̶ (Spatial) panel data econometrics, growth theory, network analysis, and 

agent-based modelling 
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AI AS A PRIVATE TUTOR
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SOME INITIAL REFLECTIONS

̶ GenAI hallucinations (cfr. “traditional” misinformation)

̶ Diminishing traceability?

̶ AI-generated content is filling the Internet

‒ … and overtaking “traditional” search engines, databases, … ?

‒ What is the future of searching for information?

̶ Global contest for AI supremacy

̶ Strategic imperative: information capital and accumulation?

̶ Can information capital owners steer hallucinations?

̶ Fragmented and dynamic market (with oligopolistic tendencies) or 

monopolizing training data (cfr. OpenAI’s API)?
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THIS WEBINAR

̶ Not an overview of AI tools and platforms

̶ Focus on ChatGPT as an all-round tool (paid subscription)

̶ Mindset rather than tools application

̶ Independency from narrative output

̶ Circumvent issues of hallucinations and accumulation of information

̶ Exploit multimodal genAI’s capabilities to follow tailored instructions

̶ Human—AI collaboration

̶ Inspiration for teachers, researchers, and (PhD) students
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THIS WEBINAR
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Potentially Reliable



GENERATING DATASETS
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Prompt (1)—Context: 

“Let us assume a fictional global population of 2,000 humans inhabiting a planet 

called ‘Earth’. You and I are extraterrestrial creatures with complete information 

about every single human being. To present some descriptives regarding these 

humans at an upcoming intergalactic conference, we will compile an Excel dataset 

containing information that I will disclose later.”

▪ Sampling

▪ Engaging context



GENERATING DATASETS
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Prompt (2)—Instructions: 

“The end result needs to be an Excel file, but use Python to establish the dataframe as it 

simplifies the data generating process. Make sure that I can easily adjust the 

parameters in the code. If you establish certain distributions to draw data from, please 

always include some noise—even though we have complete information about our 

humans, their actual behaviour is still a mystery at times and our extraterrestrial science 

has not yet identified the full set of explanatory variables and their exact dynamics.

▪ Tailored instructions

▪ Flexible instructions

▪ Engaging context



GENERATING DATASETS
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Prompt (3)—Implicit coding: 

“1. The identification number belonging to a specific human (1-2,000)

2. Their gender (“Male” or “Female”). Assume that the proportion of “Male” equals 48% 

and hence the proportion of “Female” = 52%. Proceed however you deem fit to establish 

these exact proportions. You may, for example, want to generate a gender vector with 

0.48*2000 times “Male” as an entry, and 0.52*2,000 times “Female” from which to draw 

from without replacement. Up to you, but keep the code as simple and efficient as 

possible.”

▪ Tailored instructions

▪ Flexible instructions

▪ Suggestive instructions 



GENERATING DATASETS
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Prompt (3)—Alternative: 

“1. The identification number belonging to a specific human (1-2,000)

2. Their gender (“Male” or “Female”). Assume that the proportion of “Male” equals 48% 

and hence the proportion of “Female” = 52%. Proceed however you deem fit to establish 

these exact proportions. You may, for example, want to generate a gender vector with 

0.48*2000 times “Male” as an entry, and 0.52*2,000 times “Female” from which to draw 

from with replacement. Up to you, but keep the code as simple and efficient as 

possible.”

▪ Suggestive instructions: test different statistical properties, practise reasoning 

(and coding) logic, …



GENERATING DATASETS
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Prompt (4)—Implicit coding: 

“3. Their country. Let us assume four different countries: “A”, “B”, “C”, and “D”. Some countries 

have larger populations than others.

4. A regional classification within their country. Let us categorize their region as either “Urban” 

or “Rural”. Urban regions tend to have higher population numbers than rural regions (but not to 

extreme degrees).

5. Their age. For some odd reason, there is not a single human alive who is < 18 years of age, 

and also not a single human > 65 years of age. Future research should investigate this 

phenomenon, but it is not our priority. Use a specific data generating process and add noise, 

but do not tell me which one so I can attempt to uncover it myself.

▪ Flexible instructions

▪ Practise



GENERATING DATASETS
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Prompt (5)—Implicit coding: 

“6. Their school. Let us not consider too many different schools across the population, but let’s 

establish that urban areas tend to have more school than rural areas. Label accordingly so it is 

easy for us to distinguish. Obviously, a school is situated within the lowest geographical unit, 

and hence cannot contain citizens from a different region or country. 

7. Their classroom. Determine an appropriate number of people per room, but stick to the 

same geographical constraints: humans belonging to the same classroom should belong to the 

same school as well, and therefore also belong to the same regional classification and 

country.”

▪ Consistency



GENERATING DATASETS
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Prompt (6)—Implicit coding: 

“8. Their school results between 0 and 100. Implement some realistic variation across 

countries, regional classification, and schools. Perhaps there should be less variation 

between classrooms.

Let me know if you have any considerations that I may have missed, or if you need any 

further clarification. Please elaborate on any decisions that you have made—except for 

the age DGP.”

▪ Increased transparency



GENERATING DATASETS
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GENERATING DATASETS
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Python code: 



GENERATING DATASETS

̶ Due to ChatGPT’s Python integration, there is no need to run the code 

yourself in a Python environment. 
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GENERATING DATASETS
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GENERATING DATASETS

̶ Exploiting ChatGPT’s Python integration offers transparency and 

replicability.
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GENERATING DATASETS

Some basic applications

̶ Showcase and experiment with different sampling techniques and their 

implications

̶ Run regression analyses to uncover imposed structure on the data

̶ Descriptives

̶ but also much more…
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WORLD SIMULATIONS
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Prompt (1)—Expanding: 

“Let us now add more columns, as we are slowly gathering more information about 

our humans.

1. Each human has one of 16 personality types (INTJ-A, ENTJ-A, … I assume you 

know which ones I am referring to. Please clarify first by listing all personality types 

so I can verify your knowledge). Assign one of those 16 personality types to every 

human. This should be entirely random.”



WORLD SIMULATIONS

21

Prompt (2)—Expanding: 

“2. Assign a socioeconomic status to every human. Let us just label them 

qualitatively here. Come up with appropriate labels. Socioeconomic status across 

countries and across regions is unevenly distributed (e.g., higher concentrations of 

wealth in urban regions, but also wider tails). In order to establish a decent level of 

variation, come up with at least 8 different labels.”



WORLD SIMULATIONS
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Prompt (3)—Expanding: 

“3. Some of our humans have decided to marry each other! However, they only 

marry someone within their own region and country. Marriages between opposite 

genders are more common than marriages between the same gender. Not 

everyone is married: if they are not married, then they are assigned a label ‘0’, and 

if they are married, then they are assigned the ID number of the fellow human that 

they are married with. Humans cannot marry themselves, and they can also not 

marry more than one other human. Obviously, if for example ID number 5 marries 

ID number 7, then ID number 7 also marries ID number 5.”



WORLD SIMULATIONS
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Prompt (4)—Expanding: 

“4. There has been a sudden baby boom in our population. Assign a realistic 

random number of children to every human. If they are not married, then we will 

assume that they also have no children. Ensure consistency across our data: a 

married couple will have the same amount of children.”



WORLD SIMULATIONS
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Prompt (5)—Expanding: 

“5. Assign a personality type to their children. For simplicity, let us assume that all 

children within the same marriage have the same personality type in order to 

contain this information within a single column. If a human does not have any 

children, then their personality type is labelled ‘0’. Let us also assume that 

personality types are not inherited, and hence the assignment is random.”



WORLD SIMULATIONS
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WORLD SIMULATIONS
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Prompt (6)—Expanding: 

“6. Let us integrate friendships. Add a friendship column that contains a vector of 

ID numbers representing the close social circle of this individual. Ensure 

consistency. Each vector contains a random number of IDs between 0 and 5. 

Then, sample 40 random individuals and visualize their social network using 

networkx in Python. Include some centrality measures.”



WORLD SIMULATIONS
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Friendships: 



WORLD SIMULATIONS
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Prompt (7)—Expanding: 

“7. Let us add more specific spatial 

boundaries. As a test, we will take the 

individuals belonging to country A, and 

spread them across a Voronoi diagram 

consisting of 100 cells. Fix x and y limits 

from 0 to 100, and colour code the cells 

by their population densities. Label the 

diagram as ‘Hypothetical Country’. Infinite 

Voronoi cells should be greyed out.” 



WORLD SIMULATIONS
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Prompt (8)—Qualitative expansion: 

“8. I want to know more about human no. 642. Please create a vivid persona for 

this individual (based on our collected data) so I can conduct an interview with 

them.”



WORLD SIMULATIONS
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Interviews: 



WORLD SIMULATIONS

Some basic applications (1)

̶ Bring data to life. Interact with data points. Practise designing (structured) 

interviews, conducting interviews, coding responses and themes, …, 

simulate mixed-methods designs

̶ Impose network structures and time dimensions

̶ Simulate hypothetical scenarios:

̶ A pandemic occurs at t=X: integrate structural breaks, …

̶ ID no. Y conducts a small study regarding Z in their region, but due to 

limited resources they design a convenience sample. They …
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WORLD SIMULATIONS

Some basic applications (2)

̶ Students can construct research designs within the boundaries of the 

simulated data

̶ Convert some stylized sample facts from real data to hypothetical data 

sets

̶ Mimic findings from existing literature
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SOME EXAMPLES (1)

̶ “Please plot the following cubic function: 𝑓 𝑥 = 𝑥3 − 6𝑥2 + 9𝑥 + 1, and 

randomly extract 50 coordinates.”
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SOME EXAMPLES (1)

̶ (After loading Excel into a new chat) “Run an OLS regression for me with 

the following functional form: Y = beta_1*X^3+beta_2*X^2+beta_3*X.”
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SOME EXAMPLES (1)

̶ Experiment with statistical errors, their properties, and implications.
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SOME EXAMPLES (2)

̶ Reproduce empirical data.
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SOME EXAMPLES (3)

̶ Extracting data and/or data cleaning.

“I need to extract all dissertation titles from the following document. Since 

the document is unstructured and spans over 200 pages, we may need a 

systematic approach. Let us tokenize every paragraph, and only consider 

paragraphs with at least 8 tokens. These will probably be titles. Add them 

into a single Excel column. Then, we also need to add publication years. 

Scan the tokens surrounding the extracted title. The first token in the 

immediate neighbourhood that represents a year, should be linked in a 

second column to that specific title.”
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SOME EXAMPLES (3)
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SOME EXAMPLES (4)

̶ Dice roll.
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SOME EXAMPLES (5)

̶ Conduct (economic) experiments

̶ Simulate focus group discussions

̶ …
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TAKEAWAYS (1)

̶ AI competence courses may focus on problem-oriented & solution-oriented 

thinking

̶ Problem-oriented: identify problems and break them down into logical 

elements so AI can digest them

̶ Solution-oriented: devise steps that may potentially lead to specific desired 

outcomes

̶ Similar to analytical and programming courses, but with reduced thresholds

̶ Analytical and programming skills still allow you to reap more benefits

̶ Improved knowledge of research methods strengthens tailored and 

suggestive instructions (less reliance on flexible instructions)
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TAKEAWAYS (2)

̶ Understanding ChatGPT’s Python integration is central

̶ Python knowledge is therefore recommended but not necessary (!)

̶ Translation to different programming languages

̶ My approach: nothing new, but incredibly time efficient and accessible

̶ Allows students to interact with theory, modelling, and data

̶ Allows teachers to integrate tangible cases

̶ Allows researchers to experiment with multiple scenarios and 

hypotheses, contrast empirical versus theoretical data, and test 

research designs  
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TAKEAWAYS (3)
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̶ Efficiency

̶ Accessibility



CONTACT ME

̶ michael.declercq@ugent.be

̶ https://users.ugent.be/~michdcle

̶ I will regularly upload more detailed 

examples on my webpage.

̶ Send me your ideas! 
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